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Importance of consolidation

Percolation resin flow

1 - Importance of consolidation in defect
formation (fibre path defects, resin defects, o S ——

voids)

2 - Dimensional tolerances (5% of thickness) ,
Shear resin flow

. . « . . rac;-!-_ istortion characteristic of squeezing flow
3 - Consolidation is influenced by resin flow =2 S e —

modes

4 - Interconnected processes and parameters
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Characterisation process
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Training response
The first example
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- Experimental data
Experimental data noisy

Model A
— defgenl.l
RMSE 8.79e-04

Model B
— NSVC_pow
RMSE 5.39e-04

20 40 60 80 100
Time, sec

70

60 1

50 1

3.254

3.20

Thickness, mm
w
H
o

w

o

S
"

[ Validation ]

Load schedule
for model validation
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Validation response
The first example

!.u

=

[6,]
L

| == Experimental data

w

o

a
A

| = nsvc_pow

N
NN

Experimental data noisy

Model A
— defgenl.l
RMSE 3.78e-03

Model B

RMSE 3.47e-02
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Two-step parameter extraction

[ Brute force step [ Secondary optimisation

Optimisation
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Data-rich testing programme
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Test example
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